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d(i, j)= b+cC
(1) a+b+c
%
Name | Gender | Fever | Cough | Test-1 | Test-2 | Test-3 | Test-4
Jack |M Y P N
Mary |F Y P P
Jim |M Y P N N N N
" , /
/ " /O
1 J / : 1 D/ ?
: . 0+1
d ( jack , mary )—2+0+1—0.33
. . _1+1
d ( jack ,]tm)—1+1+1—0.67
d(jim ,mary ) = 1+ 2 = 0.75

1+1+ 2
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A Dendrogram Shows How the
— Clusters are M&Trged Hierarchically

Decompose data objects into a several levels of nested
partitioning (tree of clusters), call

A clustering of the data objects is obtained by cutting the
dendrogram at the desired lrvel, then eac¢h connecte

component forms a cluster.
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Clustering Feature: CF = (N, L_S: SS) E— LS+ I‘SJ'
N: Number of data points Laaly
LS: N_ =X
= —I> (Xik_Mi)2
SS: Nio =X avgdist = +—
ni+nj
CF = (5, (16,30),(54,190)) ((X_k F oM " +M_z)
T B ) I | 177 |
\‘jf' (3,4) - n+n,
1T ?I (296) — )
ﬁl ) ‘;‘\- (4.5) SS;+SS;-2M k LSi+(ni+nj)_ M,
| [T Mee Lt “n e
R (3,8)
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